H2%H2 M BRER T HBOR R Vol2 No.2
2020 4F 6 H Chinese Journal of Intelligent Science and Technology June 2020

ETZREZETHIAMER N FE

2, EaA RE, k!, TH, REE L R
(L 2PN RN S TR B R A o s & i =, Hl 221 7300005
2.7 B REAE B IR 5 RE B AR SR Ly, 1 2000315
3. PERFE B ST T2 N RN R GRS B AR A 5T 0, HRE 221 7300005
4. ZEPNREETFIERAT 5 0 REGEE T LRETL, Hl 221 7300000

B F. Lk, ZMEHIURBUME (SMRD DRtk mug (IMRD #)Z H THARRETTIE. AR
TEARY GitaMes . Thaem s 3 AN BER R MR B ORI e 88, TR AL, 4B IE 2RI K2 M Epid
ARG o H AR SR IADACAE 5 R B4 A AT RIFR R R 2840, T 2% R Heom e . IR 1tk 55
YL R, E S I X R N E A RS L R I RA RIS ISR T RE, R R S AR E
TR S0 FEAE DG Mﬁﬁﬁﬁﬁmmfmmﬁm%ﬁﬁ%ﬁ,%N*%%ﬁﬁ%&?@wo

KRR AWAHCRE; RiPI4E: SRS MILIRA

HhESHES: R3I8

XERFRIZES: A

doi: 10.11959/].issn.2096—6652.202013

Brain abnormalities in depression based on multimodal imaging
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Abstract: In recent years, structural magnetic resonance imaging (sSMRI) and functional magnetic resonance imaging
(fMRI) are widely used in depression research. From the perspectives of morphology, structural network and functional
network, the brain abnormalities of depression were explored to understand the pathogenesis, and to assist doctors in
clinical diagnosis, treatment and prognosis. A large number of researches have found that the hippocampus and amygdala
of depression showed different degrees of atrophy, and the connection strength of brain network and graph theory
attributes showed significant abnormal. Moreover, the abnormal brain areas were related to emotional regulation, attention
and cognitive control, and the degree of abnormalities were highly correlated with the severity of depression. The research
actuality of depression from different perspectives was reviewed, and some suggestions for future research were put forward.
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